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Das kleine ABC der Informatik

Konnen
Algorithmen,
Big Data und
Computerintelligenz

Menschen besser bewerten und richten als
Menschen?
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Ein Algorithmus ist ein Problemloser
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Beispieflr ein Problem: Navigation




Navigation

Gegeben das Karten
material und weitere
Daten, berechne die
kiirzeste Route
zwischen Start und Ziel

DasProblemsagt nicht,
wie man die Losung
findet.

DerAlgorithmus
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Input: { 0 N 0 Sy >~ [ Ny mdhemafisoh dza ~ X
Start und Ziel bewiesen.

Output: optimale Route
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Computer lernen _
Entscheidungs
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Drowsiness detection system

Abstract

This invention describes a non-intrusive system used to dets
and at risk of falling asleep at the wheel due to drowsiness.
drowsiness detection systems and a control unit. This redur
drowsiness assessment. The first subsystem consists of an
headliner and seat, which detects head movements that are
driver. The second subsystem consists of heart rate monitol
wheel. The control unit is used to analyze the sensory data ¢
state and therefore corresponding risk of falling asleep whils
intelligent software algorithms, and the data provided by the
characteristics that may indicate a drowsy driver. If the drive
outputted which may be used to activate a response system
automobiles; this system may be used in any type of vehicle
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Methoden
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